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goal: to reduce inequities in vascular disease outcomes

1. improve accuracy of vascular risk prediction & target 
vascular risk management to highest risk people(s)

2. monitor trends in inequities in vascular disease risk,
risk management & outcomes & provide feedback
to clinicians, providers & policymakers

VIEW2020

Vascular risk Informatics using Epidemiology & the Web



VIEW 2020 research team
Leadership team:
Rod Jackson (non-Māori director)
Matire Harwood (Māori co-director)
Sue Wells, (Primary care lead)
Andrew Kerr (Secondary care lead)
Dan Exeter (Social determinants lead)
Katrina Poppe (Data ecosystem lead)

Research team:
Corina Grey (PhD student & Pacific lead),
Suneela Mehta (PhD student & South Asian lead),

Patricia Metcalf, Romana Pylypchuk, Jinfeng Zhao, Catherine Choi, Jeff Harrison, Jim Warren, 
Vicky Cameron, Arier Lee, Rob Doughty, Mark Gahegan



reduce inequities in vascular disease by better targeted 
management of high-risk people(s) & monitoring outcomes 



1. improve accuracy of vascular risk 
prediction & target vascular risk 
management to highest risk people(s)
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how accurate is a CVD risk prediction algorithm derived 
from a homogeneous cohort study of white Americans 
in the 1970s, when applied to a multi-ethnic & socio-
economically diverse NZ population in the 21st century? 



answering this question 
requires a large-scale 

cohort study: PREDICT
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electronic 
decision 
support

facilitate CVD risk prediction to improve targeting of 
CVD risk management

PREDICT was designed to: 
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PREDICT cohort baseline characteristics 



PREDICT cohort baseline characteristics 

Women Men



Adjusted HRs: PREDICT models
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2. monitor trends in inequities in vascular disease 
risk, risk management & outcomes & provide 
feedback to clinicians, providers & policymakers





creating national cohorts:
VARIANZ

(Health Service Utilisation cohorts)
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Age-standardised IHD Death Rates in women & men 
aged 35–84y, by prior IHD status, 2005–2015

Grey et al. Heart 2018; 104:51–7



0

100

200

300

400

500

600

2006/07 2008/09 2010/11 2012/13 2014/15

A
n

n
u

al
* 

ra
te

 p
er

 1
0

0
,0

0
0

2-year period

(b) IHD Deaths

Māori Pacific South Asian European Other Asian

Age-standardised* IHD Death Rates in men aged 
35–84yrs, by ethnic group, 2006–2015

Grey et al. NZMJ 2018 
(accepted)



Age-standardised* IHD Death Rates in women (L)
& men (R) aged 35–84y, by NZ Dep, 2006–2015





Adequate maintenance of triple therapy



Suneela Mehta, Rod Jackson, Romana Pylypchuk, Sue Wells & Andrew Kerr



VARIANZ predicted 5-year risk versus in observed
5-year risk in VARIANZ cohort



VARIANZ-IDI
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reduce inequities in vascular disease by better targeted 
management of high-risk people(s) & monitoring outcomes 



thank you


